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What> . , , , SPEAKER LISTENER
* Evaluating the impact of affective stories on one’s emotional state.

* Current datasets focus on expression annotation, usually in shorter interactions [1].
* Lack of self-assessment and saturation of third-person opinions [2, 3].

How?

* Upper body video collection of 10 participants reacting to eight different stories.
* Self-annotation on how the participant was impacted by each story.

\° Deep Neural Network baselines using person-specific and general models.
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L Self-Annotations from Ten Participants for Each Story
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